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Research Question: Newton relevance to football.

- How can a countermovement jump show fatigue
across the season?
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Model Validation:

- Linear model coefficients are above (equal to Mixed effect)
- Previous mRSI| Change and Average (rolling) mRSI change

- Goal: Pinpoint a metric that distinguishes jumps
from each other

- Method: Ran a separate PCA for every position (9
groups) and compared the top PC 1 loadings

- Takeaway: mRSI| consistently tops PC 1 —
fatigue indicator

- We found that for the mixed model, variance contributed by

individual athletes is approximately O. ound to b <tically sianif
- Models had an RMSE that oscillates 10% for mRSI change. were found to be statistically significant.
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