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Background Analysis and Results
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programs and political polarization, which refers to the political divide 116 1.04 1.78 1.70 o o .
within a country, on the probability of a coup occurring and isolate the true |Polarization (0.26) *** (021) *** (7.55) (0.682) * e Polarization and IMF Program — 304% increase in coup odds
reasons why economic support causes more unrest in a country. STy, (5)3225) (83311) ('gfgg) (0—5163)* e Coupinpreviousyear — 123% increase in coup odds
Understand how economic indicators like Gross Domestic ' ' ' — 0.801 e Countryisinthe Middle East — 286% increase in coup odds
Research Product (GDP) as well as the interaction between political Coup Last Year? (Y=1) (0.350) (0.37)* | o
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. . ore Polarization Last Year (Y=1) (0.631) (0.608) Below Median Polarization Above Median Polarization
associated with the probability of an attempted coup 0039 0014
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Model Evaluation
e The Full ME model has lowest Bayesian Information Criterion (BIC) (873), i.
it is the model of best fit
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